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Abstract

While geo-localization of web images has been widely
studied, limited effort is devoted to that of web videos.
Nevertheless, an accurate location inference approach
specified on web videos is of fundamental importance,
as it’s occupying increasing proportions in web cor-
pus. The key challenge comes from the lack of suffi-
cient labels for model training. In this paper, we tackle
this problem from a novel perspective, by “transferring”
the large-scale web images with geographical tags to
web videos, to make a carefully designed associations
between visual content similarities. A group of exper-
iments are conducted on a collected web image and
video data set, where superior performance gains are re-
ported over several alternatives.

Introduction

With the ever growing scale of social multimedia data,
nowadays there are emerging opportunities along with sig-
nificant challenges for understanding their contents to make
a better sense of our visual world. One of the most signifi-
cant trends is the so-called “geo-tagging”, i.e., inferring the
geographical locations from the visual content to “locate”
information or data on the map. Given such a functionality,
many potential applications are there for instance landmark
retrieval (Kennedy et al. 2007), visual tour guide (Zheng
et al. 2009), landmark recommendation (Gao et al. 2010),
geographic-aware image search (Hays and Efros 2008), and
mobile devices localization (Ji et al. 2009).

Despite success in geo-tagging of user-contributed im-
ages, how to infer the geo-tags from web videos retains an
open problem, which is, however, of fundamental impor-
tance due to the increasing proportion of geo-tagged images
in web data corpus. The difficulties are three-fold. On de-
vice, currently most of mobile phones and digital cameras
do not record the geo-information when shotting videos; On
annotation, there are limited geo-tagged benchmarks to train
efficient geo-tagging model; finally on visual statistics, even
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a single video clip is composed with various scenes, which
dramatically increases the difficulty in content analysis.

We conquer the above challenges from a novel perspec-
tive, by learning effective visual models alternatively from
the image domain. Nowadays, there are increasing amount
of geo-tagged images with rich groundtruth labels available.
Such massive labeled data inspires us to transfer these geo-
tags from web images to web videos.

To this end, the key challenge retains the heterogeneous
distribution between images and videos, due to the differ-
ence in the visual quality and semantics. We tackle this prob-
lem following our previous attempt (Liu et al. 2011) by a
novel search-based transfer learning algorithm using an Ad-
aBoost (Freund and Schapire 1995) like learning structure.
We train the landmark wised geo-tagging model from Flickr
labeled images, the ensemble of which forms a “multi-class”
classification problem for a given web video. In addition, we
incorporate the temporal consistency to further improve the
inference accuracy.

The proposed algorithm is testified on the dataset col-
lected from Flickr and YouTube, with comparisons to differ-
ent alternatives1. The results show that our method achieves
significant improvement over various baselines. Besides, we
also show its application on geo-based web video browsing.

Localizing Web Videos from Flickr Images

Figure 1 shows the framework of the proposed method. We
start from learning accurate visual appearance models at the
landmark level, which is achieved by modeling its individual
viewing angles from Flickr images with geo-tag metadata.
We then transfer this model to suit for the video based geo-
tagging, by making an effective association between their
heterogeneous visual similarity.

Building the Geo-Model from Flickr Images
Given a large scale image collection for a given landmark

(as organized from its contextual tags or from clustering
their geo-locations), we start from evaluating the trustwor-
thy of Flickr images, as used subsequently to assess how

1To the best of our knowledge, this is the first work on this topic,
and we only compare with some alternatives of our methods.
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Figure 1: The framework overview of the proposed method.

good an image is to build landmark appearance models for
video geo-tagging. In this step, only “high-quality” images
are selected for the subsequent process.

To this effect, considering even the images of the same
landmark might be diverse in their view angles, we perform
the spectral analysis (Ng, Jordan, and Weiss 2002) to divide
the image collection I l of landmark l into different view an-
gles {I l,vl}, according to their visual similarity. As a result
the image collection is organized as:

I = {I l,vl : l ∈ L, vl ∈ Vl}, (1)
where L is the set of all landmarks, Vl, l ∈ L is the set of all
view angles from landmark l in our collection.

Furthermore, we use the visual representation in terms of
SIFT points(Lowe 2004) of I l,vl to describe the model of
each landmark at a certain view angle.

Search-Based Transfer Learning
Given the heterogeneous feature spaces between images

and videos, the model learnt above cannot be directly ap-
plied to web videos. To reduce this cross-domain diver-
gence as much as possible, we only transfer the “creditable”
Flickr information to YouTube videos. For each training
video frame fi, the top k near-duplicated Flickr images, i.e.,
Di = {xi,j : j = 1, ..., k}, are preserved as the training data.
And the training of video geo-tagging model follows the dis-
criminative principle: the classifier should not only separate
the obvious positive (P : positives in Di in our case) and ob-
vious negative (Nd: the images of other landmarks and not in
Di) samples, but also provide the discrimination on the am-
biguous data (Na: the negative images in Di). This principle
is achieved by adopting an AdaBoost (Freund and Schapire
1995), as to penalize the ambiguous images Na with η > 1
in the initialization.

More specifically, we penalize more on the ambiguous
training data, and trust more on the near-duplicate Flickr
images. It starts with an initialization of weighted training
samples {(P, 1) ∪ Nd, 1 ∪ (Na, η)}, following by training
an AdaBoost classifier. As for the visual features classifiers
training, we use SIFT (Lowe 2004) features and 2,000 di-
mensional Bag-of-Words.

In implementation, to fully explore the visual divergence
between different view angles, we train the classifiers G =

Figure 2: Classification performance comparisons for each
landmark category

{gl,vl} for each view angle respectively, instead of on the
landmark level. We then ensemble these classifiers into the
classifier gl(x) of landmark l for the input video x:

gl(x) = max
vk∈V l

gk(x), (2)

The temporal consistency of video frames are further in-
corporated into the above classifier, by performing a tempo-
ral Gaussian Filter to remove the incorrect geo-tags.

Experiments

We crawled a data set consists of 56,456 Flickr images
and 2,000 web video clips from 15 landmarks. For each
landmark, 8 view angles are clustered. We compared the
proposed method with alternatives including the image
classification using SVM directly trained on Flickr im-
ages (denoted as SVM), and classifier learnt using the
proposed transfer learning without Gaussian smooth (de-
noted as No Smoothing). The overall performance of SVM,
No Smoothing, and our method are 33.67%, 38.82% and
41.57% respectively, as shown in Figure 2.

Figure 3: Application: Placing the web videos on the map.

A potential application is also demonstrated in Figure 3,
in which we place the localized web videos 2 on maps using
Google Map API, to show the potential of our method for
location sensitive video search.

2We determine the location of each video according to view an-
gle it belongs to, which is localized by averaging the geo-locations.

72



Acknowledgement

This work is supported in part by HP Innovation Research
Program with UIUC, the 985 Project of Xiamen University,
and the Fundamental Research Funds for the Central Uni-
versities of Xiamen University.

References
Freund, Y., and Schapire, R. 1995. A desicion-theoretic general-
ization of on-line learning and an application to boosting. In Com-
putational learning theory, 23–37. Springer.
Gao, Y.; Tang, J.; Hong, R.; Dai, Q.; Chua, T.-S.; and Jain, R. 2010.
W2go: a travel guidance system by automatic landmark ranking. In
Proceedings of the international conference on Multimedia, 123–
132. ACM.
Hays, J., and Efros, A. A. 2008. im2gps: estimating geographic
information from a single image. In CVPR. IEEE.
Ji, R.; Xie, X.; Yao, H.; and Ma, W. 2009. Mining city landmarks
from blogs by graph modeling. In ACM Multimedia, 105–114.
Kennedy, L.; Naaman, M.; Ahern, S.; Nair, R.; and Rattenbury, T.
2007. How flickr helps us make sense of the world: context and
content in community-contributed media collections. In ACM Mul-
timedia, 631–640.
Liu, X.; Yao, H.; Ji, R.; Xu, P.; Sun, X.; and Tian, Q. 2011. Learn-
ing heterogeneous data for hierarchical web video classification. In
ACM Multimedia, 433–442.
Lowe, D. 2004. Distinctive image features from scale-invariant
keypoints. IJCV 60(2):91–110.
Ng, A.; Jordan, M.; and Weiss, Y. 2002. On spectral clustering:
Analysis and an algorithm. NIPS 2:849–856.
Zheng, Y.; Zhao, M.; Song, Y.; Adam, H.; Buddemeier, U.; Bis-
sacco, A.; Brucher, F.; Chua, T.; and Neven, H. 2009. Tour
the world: building a web-scale landmark recognition engine. In
CVPR, 1085–1092. IEEE.

73



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Dot Gain 20%)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Error
  /CompatibilityLevel 1.4
  /CompressObjects /Tags
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /CMYK
  /DoThumbnails false
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams false
  /MaxSubsetPct 100
  /Optimize true
  /OPM 1
  /ParseDSCComments true
  /ParseDSCCommentsForDocInfo true
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo true
  /PreserveFlatness true
  /PreserveHalftoneInfo false
  /PreserveOPIComments true
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Apply
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 300
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 1.50000
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /ColorImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 300
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 1.50000
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /GrayImageDict <<
    /QFactor 0.15
    /HSamples [1 1 1 1] /VSamples [1 1 1 1]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 30
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 1200
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 1200
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.50000
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile ()
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e9ad88d2891cf76845370524d53705237300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc9ad854c18cea76845370524d5370523786557406300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV (Za stvaranje Adobe PDF dokumenata najpogodnijih za visokokvalitetni ispis prije tiskanja koristite ove postavke.  Stvoreni PDF dokumenti mogu se otvoriti Acrobat i Adobe Reader 5.0 i kasnijim verzijama.)
    /HUN <>
    /ITA <>
    /JPN <FEFF9ad854c18cea306a30d730ea30d730ec30b951fa529b7528002000410064006f0062006500200050004400460020658766f8306e4f5c6210306b4f7f75283057307e305930023053306e8a2d5b9a30674f5c62103055308c305f0020005000440046002030d530a130a430eb306f3001004100630072006f0062006100740020304a30883073002000410064006f00620065002000520065006100640065007200200035002e003000204ee5964d3067958b304f30533068304c3067304d307e305930023053306e8a2d5b9a306b306f30d530a930f330c8306e57cb30818fbc307f304c5fc59808306730593002>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020ace0d488c9c80020c2dcd5d80020c778c1c4c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor prepress-afdrukken van hoge kwaliteit. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for high-quality prepress printing.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToCMYK
      /DestinationProfileName ()
      /DestinationProfileSelector /DocumentCMYK
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles false
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /DocumentCMYK
      /PreserveEditing true
      /UntaggedCMYKHandling /LeaveUntagged
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [2400 2400]
  /PageSize [612.000 792.000]
>> setpagedevice




